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Abstract

Shrimp is popular seafood for both domestic and overseas consumptions. Nowadays,
shrimp farming in Thailand is considered capital and labor intensive production, starting from
breeding, harvesting, and grading due to a growing labor shortage. This causes an increase in
shrimp production cost. Moreover, human errors from labor especially during grading shrimp,
make inconsistent product quality issues. New technologies can be applied to help improve
production and increase productivity. Image analysis is a convenient technique to inspect the
outer appearance of product. Therefore, this research aimed to apply the image processing
technique for shrimp grading by classifying shrimp weights into different product sizes. Whiteleg
shrimp (Litopenaeus vannamei) were used as the sample. Experiment were conducted and
physical properties including number of shrimps per kilo-count, shrimp weight, perimeter,
projected area and color were determined. The statistical data analysis and mathematical
equations were also developed in order to explain the relation between experimental values
and the parameters obtained from image analysis. This technique can further develop for
automated shrimp grading machine which help increase production efficiency and decrease labor
force in shrimp farming. It also provides more consistency of product quality.

Keywords: Shrimp, Image Analysis, Grading, Size
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